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Explore High-Dimensional Data Using Low-Dimensional Projections
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pursuitindex PR . (AT, TE 32 Ji P9 4 10 SCER A 20, Al 2 B2 A
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projection index [FJi& Y. projection pursuit index It 45 R EI XA Z a2
FATAT A TR BRI ) o P — A7 SN R R KB 7 AL AL SRk X 34 4 R e A AE
MXF R GA M PSO Fyk A TRl E Gl 2 KIS T IX R RS
130, A R R L FE A TR R AAUE I RE o BEAh, CERPAM R 7 —L )5
ARAE, WAL R AR A (R AT 1 R DA RO S5 1) 8] 1) 22 5
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(2) 2009 Seventh International Conference on Advances in Pattern Recognition
The combination of three statistical methods for visual inspection of anomalies in
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Subspace Regularization: A New Semi-supervised Learning Method
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(2) 2009 IEEE TRANSACTIONS ON INTELLIGENT TRANSPORTATION SYSTEMS
PPCA-Based Missing Data Imputation for Traffic Flow Volume: A Systematical Approach
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(2) 2009 Second International Symposium on Computational Intelligence and Design
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(2) 2009 Complex, Intelligent, and Software Intensive Systems (CISIS)
Agents and Neural Networks for Intrusion Detection
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(2) 2009 Statistics and Computing
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(2) 2008 International FLINS Conference on Computer Intelligence in Decision and Control
Development of Learning Systems with Data Tours Techniques for Fusion Databases
X BEAH ] grand tour HYJTVE BB RIS R BJa R IX AT T JET GROREY)
BIRARRE) PR R o3k
(2) 2008 Pattern Recognition
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(3) 2007 Robust online signal extraction from multivariate time series
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(2) 2006 GGobi: Evolving from XGobi into an Extensible Framework for Interactive Data
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(2) 2005 Projection Pursuit for Exploratory Supervised Classification ( Dianne Cook [ T.AF)
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(2) 2007Tour Generation for Exploration of 3D Virtual Environments
7 3D MR SN, FE S AWNEIR: O BE&UHE, R UTAE R H MG
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